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a  b  s  t  r  a  c  t

How  do  homebuyers  respond  to perceived  crime  risks  about  sex  offenders  in the  neighborhood?  I  evaluate
local  property  and  crime  responses  to  Internet  sex  offender  registry  listings.  Among  more  permanent
listings,  a  nearby  offender  depresses  house  prices  by up  to 4 percentage  points.  I document  that  the
majority  of registered  sex offenders  are  transient,  with  durations  of  less  than  6 months  at  an  address.
While  a growing  literature  suggests  that  housing  stability  is  important  in reducing  criminal  behavior,  the
market perceives  heightened  crime  risks  to  be attached  to  the  listings  of  registered  offenders  with  more
11
21
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stable  housing,  but not  to those  who  are transient  or who  have  moved  away.  Prices  correspond  more
strongly  to  long-term  offender  locations  than  to locations  of  actual  sex  crimes.  I  find  small,  localized
reductions  in  rapes  involving  weapons  within  0.1 mi of offender  addresses  and  increases  in  sex  crimes
farther  away.

© 2015  Elsevier  Inc.  All  rights  reserved.
ex offenders

. Introduction

How does the public respond to announcements of crime risks,
nd what are the consequences? Do their perceived risks predict
uture crimes? Online sex offender registries have generated much
ebate since their debut in the United States nearly two decades
go. Policy concerns about their crime reducing function have
risen alongside questions about registries’ informational value in
he community. This paper evaluates local responses to notifica-
ions of sex offender locations and investigates property and crime
ffects of sex offender proximity.

A growing literature discusses the relationship between housing
nd crime. It is commonly observed that homebuyers worry about
rime risk when choosing where to live. Studies have documented

 negative relationship between residential house prices and crime
ncidents (Thaler, 1978; Gibbons, 2004). Crime incidents, however,
an be endogenous with neighborhoods. Wealthier residences may
ttract more property crime (Lynch and Rasmussen, 2001), weaker
ocial connections around some building types may  facilitate more
treet crime (Glaeser and Sacerdote, 2000), and neighborhood qual-

ty may  affect youth criminal behaviors (Kling et al., 2005).

More recently, researchers have examined responses to local-
zed crime risks as revealed by sex offender registries. Such

∗ Tel.: +1 703993 8639.
E-mail address: syeh2@gmu.edu

ttp://dx.doi.org/10.1016/j.irle.2015.08.001
144-8188/© 2015 Elsevier Inc. All rights reserved.
community notifications can serve as natural experiments with
pre- and post-periods that would allow for causal inference. Studies
developed concurrently with this paper have estimated proximity
to a sex offender to reduce house prices (Linden and Rockoff, 2008;
Pope, 2008). Indeed, these are among a broader literature on the
capitalization of amenities, which has shown residential property
prices to respond to information about school quality (Black, 1999;
Figlio and Lucas, 2004), public spending (Barrow and Rouse, 2004),
and environmental hazards (Chay and Greenstone, 2005; Decker
et al., 2005; Davis, 2004; Gayer and Viscusi, 2002).

A separate strand of research on criminal behavior studies the
impacts of registries on subsequent crime behaviors (Duwe et al.,
2008; Agan, 2011; Prescott and Rockoff, 2011). This paper uni-
fies these inquiries and includes attention to transient offenders,
a significant population of the registry who are understudied in
the empirical literature. Fear driven by online community noti-
fications could motivate other precautionary behaviors beyond
housing choices. Analyzing both the property and crime outcomes
in local neighborhoods is useful in understanding how people value
risks near their homes and provides insights on information provi-
sion in the name of public safety.

I investigate the property impacts of being near a publicized
high-risk sex offender in three parts. First, I estimate house price

responses to perceived crime risks based on the addresses of high-
risk sex offenders listed in the Nebraska sex offender registry from
2000 to 2006. To do this, I assemble original data from news media
and property records in Lincoln (Lancaster County), Nebraska. I use

dx.doi.org/10.1016/j.irle.2015.08.001
http://www.sciencedirect.com/science/journal/01448188
http://crossmark.crossref.org/dialog/?doi=10.1016/j.irle.2015.08.001&domain=pdf
mailto:syeh2@gmu.edu
dx.doi.org/10.1016/j.irle.2015.08.001
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In many senses, online registries are the most accessible type
of information on released criminal offenders, given the expan-
sion of Internet access since the 1990s (Madden, 2006). Upon their
debuts, the online registries were popular8. Informal conversations

3 42 U.S.C. §  14071.
4 Pub. L. No. 104-145, 110 Stat. 1345 (1996).
5
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he publication of offenders’ home addresses from the registry as
n exogenous announcement of a location’s change in crime risk.
o identify the effects of crime risks as communicated by the reg-
stry, I exploit variation in the timing of sex offender listings and the
istances from an offender’s address to other locations within the
ame neighborhood. Among the subset of offenders who  remain
n a location for at least 0.5 years, the announcement of a nearby
ffender depresses house prices by up to 4 percentage points. This
stimate is consistent with existing studies (Linden and Rockoff,
008; Pope, 2008)1. As such, my  research is also a useful contribu-
ion in response to general criticisms that have arisen regarding the
ack of replication in social sciences.

Second, I analyze sex offender mobility and crime risks over
ime. Critics have argued that sex offender notifications stig-

atize and make it hard for registrants to re-integrate into
ociety, imposing difficulties when finding employment and hous-
ng (Kang, 2012; Levenson and Cotter, 2005a,b). Others hypothesize
hat this makes them vulnerable to harassment (Bedarf, 1995;
eichman, 2005). Opponents maintain that the registries can
nstill a false sense of security among the public, with manda-
ory registration driving transients or unregistered offenders
nderground.

My  evidence is consistent with some of these concerns. I compile
ata that track each offender’s address history and document that
he majority of registered offenders are relatively transient. The

edian duration of addresses listed in the registry was only 0.45
ears2. In general, sex offenders tend to live into worse neighbor-
oods with higher poverty levels and lower property values (Larsen
t al., 2003). I find that homebuyers do not respond to the major-
ty of offender locations announced in the registry. Over the years
n the data, transient addresses are more likely to be observed in
icher neighborhoods, while more stable addresses are more likely
n poorer neighborhoods. I find that homebuyers perceive height-
ned crime risks attached to the locations of registered offenders
ith more stable housing, but not to those who  are transient or
ho have moved away. Among the more permanent addresses,
ouse prices rebound after an offender moves away. Negative
ffects are not persistent beyond an offender’s presence in the
eighborhood.

Third, I assess realizations of crime events nearby. Registries
ay  instill a false sense of security, for example, if transient off-

nders are the recidivists that community notification laws intend
o deter. While measuring recidivism is beyond the scope of this
tudy, I look at neighborhood crime incidents more generally. I
ake advantage of a unique dataset of all individual sex crime
ncidents with addresses that were reported to the Lincoln Police
epartment during the study period. The granularity of the data
llows me  to conduct spatial analyses of whether the addresses
f registered high-risk sex offenders predict more sex crime inci-
ents nearby. Previous studies are mixed, finding sex offender
egistries to decrease sex crimes at the state level (Prescott and
ockoff, 2011) and no effect at the Census block group level
Agan, 2011).

I find that house prices are more strongly influenced by nearby

ffender addresses than by recent sex crimes. Furthermore, registry
otification of high-risk offender addresses predicts a localized
within 0.1 mi)  decrease in the risk of rapes involving a weapon

1 Pope (2008) finds no difference in property responses to high-risk or lower-
isk  sex offenders. While the Nebraska registry publicly listed only high-risk sex
ffenders during the study period, my results may  be generalizable to lower-risk
ffenders whom the Nebraska registry began to list many years later.
2 While brief in duration, the transient addresses arguably are listed long enough

or the housing market to notice. They exceed the median time on the market for
xisting residential homes sold (34 days) in Lincoln.
nd Economics 44 (2015) 42–60 43

and no increase in the other sex crimes. Notification does pre-
dict an increased risk of sex crimes farther away from the offender
within the same neighborhood. This increased risk in the broader
neighborhood area is roughly consistent with findings in Agan and
Prescott (2014). Within one’s immediate proximity, however, while
house prices suggest fear of or distaste for high-risk sex offenders,
sex crime risk is not higher after an offender moves in.

The paper proceeds as follows. Section 2 provides a general
background on sex offender registries and community notification
laws. Section 3 gives the empirical framework. Section 4 describes
the data. Section 5 presents and discusses the results. Section 6
concludes.

2. Background on sex offender registration and community
notification laws

The original rationale of sex offender registration and notifica-
tion laws was to protect the public from recidivists by providing
information relevant to children’s safety (Office of the Attorney
General, 1999). Watchdog and law enforcement groups commonly
warn that it is difficult to recognize rapists and child molesters
based on appearance or socioeconomic status. A Bureau of Crime
Statistics report observed that sex offenders tend to strike close
to home, with family, friends, and acquaintances committing the
majority of the crimes (Catalano, 2006). Escalating concerns about
lurking sex offenders nearby inspired major legislative responses,
which first occurred in the 1990s. Named for a child kidnapped near
his home, the Jacob Wetterling Act of 1994 became the first federal
mandate calling for each state to establish and maintain a registry
of addresses and identities of known sex offenders and sexually
violent predators, including those released from prison3. In 1996,
the Act was  amended with Megan’s Law, which required states and
local law enforcement to notify residents of the sex offenders living
in their communities4.

Initially, Megan’s Law allowed states considerable discretion in
their community notification procedures. Interpreting the law lib-
erally, a handful of states and jurisdictions opted early on to publish
their registries of offenders on the Internet5. In part because they
allowed personal information to be easily accessible to the pub-
lic, the online listings generated lawsuits regarding the violation of
offenders’ due process, culminating in a 2003 Supreme Court rul-
ing that allowed states to place sex offenders’ names, addresses,
and photos on public websites6. By 2007, all states had established
sex offender registries and nearly all published the names with
addresses of sex offenders online7.
Florida in 1996; Alaska, Kansas, and Georgia in 1997; Connecticut, North Car-
olina, South Carolina in 1998.

6 Smith v. Doe, 538 U.S. 84 (2003).
7 Vermont and Pennsylvania did not publish offender addresses online until 2009.

The types of offenders subject to public notification differed across states and the
type of information posted in online registries initially was subject to a state’s dis-
cretion. Later, the Adam Walsh Child Protection and Safety Act of 2006 called for
standard criteria. Some states listed individuals with milder convictions such as
statutory rape, while others listed only those classified as the most violent and likely
to  re-offend. States also differed in the length of time one must register and the
relevant conviction years.

8 For example, the Virginia state police reported 137,000 searches within the first
24  h after the registry went online in December 1998 (Heyser, Holly A. 1998 “Inter-
est in online sex-offender list is high.¨The Virginian-Pilot (Norfolk VA), December
31,  B2).). Similarly, the North Carolina website experienced high traffic in its first
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ith law enforcement departments revealed that people were far
ore likely to look up information via the Internet registries than

o call, write, or visit, and police often referred callers to the web-
ites. Thus, each address listing serves as a crime advisory to not
ust current residents of a neighborhood with an offender, but also

 broader population including potential homebuyers and families
ith children.

Anxiety about crime risk posed by sex offenders nearby has
ot been trivial. It has been great enough to spur the enactment
f state laws requiring the disclosure of sex offender locations
n real estate transactions9. Popular anecdotes reveal homebuy-
rs’ aversion to registered sex offenders, preventing some deals
rom closing despite reassurance from assessors and law enforce-

ent officials10. Realtors have acknowledged liability risks, and
ome have required sellers to include the information in disclosure
tatements11.

. Empirical framework

One can evaluate the effects of sex offender registry listings
sing an event study, where the event is the announcement of a
ex offender living in the area via the listing of the address in the
ublic sex offender registry. To determine the market’s response,
ne would compare a neighborhood’s house prices before the list-
ng occurred to house prices after the listing occurred, using as a
ounterfactual the house prices in a second neighborhood iden-
ical to first, except that no sex offenders lived nearby during the
ales. In an ideal world, the announcement would be a well-defined
nd randomly assigned event. In reality, complications arise when
pplying this framework to sex offender listings in the residential
eal estate market. One must consider possible time trends in sale
rices and non-random sorting of offenders into some neighbor-
oods. Furthermore, offender registries regularly post new listings
s offenders move in and out of neighborhoods, leading to multiple
nnouncements that may  overlap.

Hedonic pricing theory asserts that property values are a func-
ion of house characteristics, neighborhood services, and local
menities (Rosen, 1974). With sex offender locations, this hedonic
quation would apply:

ijt =  ̨ + ˇXij + �1SOListedijt + Vt + Wj + εijt (1)

Here Yijt is the log sale price of the residential property for house i
n neighborhood j at time t, Xij is the set of property characteristics,
t is the set of year or temporal fixed effects, and Wj is the set

f neighborhood fixed effects. SOListedijt is the variable of interest
hose coefficient gives the price effect of being near a registered

ex offender’s home during the sale. In the main specification, this
ariable is an indicator whose value is 1 if the registry listed any

wo weeks, which later averaged 1600–2000 searches per day (Peterson, Saman-
ha.  1998. “Sex offender web site traffic levels off.¨The Herald-Sun (Durham, NC).J̈uly
998, B1).
9 For example, in 2002, Wisconsin required sellers to disclose whether a sex

ffender lives nearby if asked. Meanwhile, New Jersey allows disclosure of lower-risk
ffenders only after a deal has been closed.
10 Hoppin, Evan. 1999. “Scholarship Offer Gives New Twist to Sex Offender Law.¨The
regonian,  October 19, A01; Derus, Michele. 2002. “Registry helps narrow where
ex  offenders live; effect on housing sales uncertain, but some expect it to be mini-
al.¨Milwaukee Journal Sentinel, May  19, 01F; Vaznis, James. 2002. “N.H. to post 700

ex  offenders on web.B̈oston Globe, September 22, Globe Northwest.
11 Jumper, Kathy. 1999. “Knowing the neighbors.¨Mobile Register (AL), August 8, J01.
n  a case hinting of a regulatory taking, a Wisconsin couple filed a lawsuit declaring
hat their home’s assessment should be lowered to zero due to the presence of a
ex  offender next door. Sink, Lisa. 2005. “Sex offender hurt home value, suit says;
wner wants assessment cut to zero.M̈ilwaukee Journal Sentinel September 9, B1.
nd Economics 44 (2015) 42–60

sex offender address within close proximity (e.g., 0.1 mi or less) of
the property at the time of the sale12.

Here and in other localities (Larsen et al., 2003), sex offenders
in the data are more likely to live in poorer or “bad” areas with
lower average property values. The inclusion of neighborhood fixed
effects in Eq. (1) can help control for some non-random sorting that
would otherwise bias results negatively. This approach would be
adequate if one were to assume that while people can select across
neighborhoods, their locations within a neighborhood are more
arbitrary, because not every house is available at the time of pur-
chase. However, the neighborhood fixed effects may not completely
capture sorting within some broadly defined neighborhoods. For
example, offenders may  tend to live in the worst parts of a neigh-
borhood.

To address this, I employ a differences-in-differences strategy
and exploit the timing of the registry listing and the variation in
distances to identify the effects of an offender’s presence. I define
an offender-prone area variable, SOAreaij to indicate whether any
offender address had been listed within 0.1 mi  of property i before,
during, or after the sale (regardless of whether he was listed in
the registry during the time of sale). This variable is constructed ex
post, from the perspective of the researcher reviewing all past data.
I compare house prices within a small offender-prone area in the
neighborhood before and after an offender has moved in.

Despite controlling for temporal fluctuations in the market as
a whole, the small offender areas may  exhibit characteristics that
vary differently with time. I interact the indicator of being in an
offender prone area, SOAreaij with a linear time trend Timet to con-
trol for potential trends within offender areas. Eq. (2) displays the
main differences-in-differences equation:

Yijt =  ̨ + ˇXijt + �1SOTreatijt + �2SOAreaij + ıSOAreaij × Timet + Vt

+ Wj + εijt (2)

The treatment variable, SOTreatijt indicates whether the sale
occurred while an offender nearby was  in the registry. SOTreatijt is
the interaction of the indicator for the house being in a sex offender
prone area (SOAreaij) and an indicator for whether an offender in
that area was listed in the registry at the time of the property sale.
The identification of the price response relies on the timing of the
listing within a small offender-prone area, which is similar to the
approaches used by Linden and Rockoff (2008) and Pope (2008).

Fig. 1 maps the locations of registered sex offender addresses in
Lancaster County, Nebraska. Sex offenders have lived in all parts of
the county, though they are primarily concentrated in the central
and northeastern sections of the city of Lincoln13. The geographic
distribution of registered sex offenders in the sample suggests that
some residential clustering occurs. The map  highlights offender
mobility within the county: many areas have hosted sex offenders,
but these locations are not observed in cross-sectional registry data

when downloaded at a single point in time14. Analyses that rely
on limited registry data from only one point in time face several
shortcomings. First, they estimate the effects for a certain type of

12 Only high-risk sex offender locations are publicized during the study period.
Under the assumption that homebuyers react to all high-risk offenders uniformly,
I  define proximity based on addresses rather than individual offenders. If two off-
enders overlapped in their residency in an apartment building, then the duration of
the  address listing would begin when the first offender moved in and end when the
last offender moved out.

13 Dots in the figure are approximate: some addresses are geographically close
together or overlap.

14 Some addresses are repeatedly occupied and vacated. An offender may  move
into and out of those addresses over time, with time between vacating and re-
occupancy ranging from a few weeks to a few years. Each address update would
be  a new listing in the data.
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Fig. 1. Sex offender locations, Lancaster County. Data: Lancaster County Assessor a

ex offenders—those who are more likely to live at an address for a
onger period. These estimates might not apply to the broader set
f more transient offenders. Second, a researcher cannot assess the
onger-term effects of past listings after they are removed. Finally,
stimates may  be susceptible to bias from effects of past offenders
n the neighborhood or from unobserved characteristics correlated

ith these offenders’ locations.
The direction of the bias depends on the mobility patterns of

ffenders. Suppose the offenders in the cross section resemble off-

nders in the full sample, and they live in similar neighborhoods.
uppose offenders from both samples would affect their areas sim-
larly and house prices do not rebound to the counterfactual level

hen an offender moves away from the neighborhood. Because an
braska State Patrol Sex Offender Registry listings for Level 3 (high risk) offenders.

incomplete dataset fails to detect the offenders who  moved away
prior to the collection of the registry data, the observed treatment
coefficient �1 may  be underestimated. Or, the coefficient may  be
overestimated if areas that formerly hosted an offender (but never
host one again after the offender moves away) are systematically
better than areas that currently host an offender.

Ideally, for Eq. (2) to generate an unbiased estimate of �1,
the variable of interest would be a cleanly defined event with
a clear counterfactual. One could then compare the outcomes

from randomly dropping a sex offender into one of two identical
neighborhoods that had never hosted an offender before. In real-
ity, a sex offender registry generates multiple announcements of
offender locations, which may  appear and disappear or overlap
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no longer accessible online. The address history is also not available
from the Nebraska State Patrol. Fortunately in Lancaster County,
this information can be retrieved from the electronic archives of

17 Registration requirements based on post-1997 incarceration, probation, parole,
or  conviction status apply even if the crimes were committed before 1997. Addition-
ally,  offenders moving to Nebraska from another jurisdiction must register if they
had  pleaded or been found guilty for any equivalent crimes up to ten years before
1997 or any day after, or if they were currently registered in another jurisdiction in
the U.S.
6 S. Yeh / International Review of

ith others. This was a limitation of some studies, which lacked
he location histories of offenders. I use detailed data on offenders’
ddress histories to estimate Eq. (3). This specification more closely
pproaches a single-event study that would control for the pres-
nce (or absence) of sex offenders who were previously listed but
ad moved away before the sale occurred:

ijt =  ̨ + ˇXijt + �1SOTreatijt + �2SOAreaij + �3SOPriorijt

+ ıSOAreaij × Timet + Vt + Wj + εijt (3)

Here SOPriorijt indicates that an offender living near the house
ad been listed and then de-listed prior to the sale at time
. This variable is relevant for tracking what economic effects
ersist after the offender moves away, or whether prices rebound to
he counterfactual. I take advantage of this information on whether
n offender had moved away to address remaining biases despite
he inclusion of neighborhood fixed effects and area controls.
f offender locations correspond to current or impending neigh-
orhood decline, then an estimated negative price response may
e biased upward in magnitude. However, when instead, prices
ebound to their counterfactual after the offender moves away,
hen the observed responses are likely due to the offender’s listing
nd de-listing and not due to declining area characteristics15.

. Data

The final dataset for analysis consists of 58,094 residential prop-
rty sales between January 1994 and January 2006 in Lancaster
ounty, Nebraska. Each observation includes a sale price, sale date,
roperty and neighborhood characteristics, and the dates and dis-
ances each sex offender address was listed in the public registry
efore, during, and after the sale. I assembled this dataset from
everal sources. First, I collected sex offender profiles from the
ebraska Sex Offender Registry, whose recent listings are available

rom the registry’s website, and whose past listings are available in
ewspaper archives. Second, I obtained from the Lancaster County
ssessor the sales histories, property characteristics, neighborhood
odes, and geographic coordinates of every parcel in the county.
ext, I match block group characteristics from the 2000 U.S. Cen-

us with each parcel. Finally, I obtained from the Lincoln Police
epartment a database of crime incident reports, including their
ates, classifications, and locations. To construct the key indicator
or whether an offender within 0.1 mi  was listed during each sale,

 deduce the start and end dates that an offender’s address was
isted in the registry and calculate the distances from each parcel
o each address. Further descriptions of Lancaster County and the
ssociated data follow.

.1. The Nebraska sex offender registry

This study focuses on Lancaster County, Nebraska, and the con-
equences of the Nebraska Sex Offender Registration Act, which
ook effect in 1997 following the national passage of Megan’s Law16.

ocated in the southeastern part of the state, Lancaster County hosts
he city of Lincoln, the state capital and home to the University of
ebraska. Unlike many cities in the U.S., Lincoln is a well-defined

15 If house prices don’t rebound after an offender moves away, that may  mean
tigma persists from previously hosting an offender and/or unobserved downward
rea characteristics dominate after the removal of an offender. This can be a legit-
mate concern for homeowners. Despite moving and reporting a new address, an
ffender may  visit or eventually return to the original location, especially if he boards
ith family or friends. Indeed, my  data show that some offenders do move back and

orth among a constant set of addresses.
16 Neb. Rev. Stat. §§  29–4001 to 29–4013 (Supp. 1996 and Laws 2005, LB 713).
nd Economics 44 (2015) 42–60

metropolitan area in itself and does not have the typical suburbs
beyond its city limits. One school district serves the city of Lin-
coln. Table 1 shows the basic demographics. According to the 2000
Census, Lancaster County was  89% white, with the rest of the pop-
ulation evenly divided among Black, Hispanic, and Asian persons.
The overall poverty rate was  9.5%. While Lincoln covers less than
10% of the county in physical area, it was home to about 90% of the
county’s population of 250,000.

Under the Nebraska law, sex offenders residing in Nebraska
must be registered in the state registry for ten years after their
release from prison as of 1997. Offenders must also register if they
had pleaded, been found guilty, or were on probation or parole as
of 199717. Upon moving, an offender must report his new address
to the local sheriff within five working days. Non-compliance by
the offender results in either a misdemeanor or a Class IV felony,
whose penalties include a fine and/or imprisonment18.

The Nebraska sex offender registry made its public online debut
on March 30, 2000, listing only Level 3 offenders, that is, offen-
ders whom the Nebraska State Patrol classified at the highest risk
for recidivism. In Lancaster County, the names of ten high-risk
sex offenders living in Lancaster County were initially released,
but since the registry’s public debut, names of more offenders
have been added to the public database upon their release from
incarceration or when they move into the state19. As of June 28,
2006, a total of 997 Level 3 sex offenders in Nebraska were listed
online. Of these, 247 lived in Lancaster County, with 231 living in
the city of Lincoln20.

The registry website is searchable by name, city, county,
or zip code. Each profile page shows the offender’s photo-
graph, name(s), gender, date of birth, race, physical statistics
(height, weight, hair color, and eye color), most recent address,
the date that address was reported to law enforcement
, convictions and their jurisdictions, and conviction dates. I col-
lected data from the Internet registry on November 29, 2005,
January 10, 2006, March 16, 2006, and June 28, 2006. To match
the years of available housing data, I relied primarily on registry
data from November 29, 2005 and January 10, 2006 and used the
data from the later dates for descriptive statistics and unreported
robustness checks.

Addresses in the public registry are updated nightly as the State
Patrol receives the information from local law enforcement depart-
ments; press releases are also issued. When an offender reports a
new residence, his previous address in the registry is replaced and is
18 In September 2005, Iowa imposed a state-wide residency restriction that for-
bade sex offenders from living within 2000 feet of schools and day care centers.
Fears that Iowa offenders would re-locate across state borders prompted cities in
neighboring states to consider similar ordinances (Davey, 2006). A city ordinance
banning offenders from living with 500 feet of a school took effect on July 1, 2006
in  Lincoln, though Nebraska has no state-wide residency restrictions. No such ordi-
nances were in effect in Lincoln or Lancaster County during the time frame of this
study.

19 While only Level 3 (high-risk) offenders are listed online, specific communities
and  schools are also notified of Level 2 (medium-risk) offenders, whose information
is  otherwise not publicly available.

20 Note that not all the addresses reported in the registry had been verified by
law enforcement. The addresses of all offenders are verified annually according to
federal law, though the Nebraska State Patrol also verifies those of some serious
offenders on a quarterly basis.
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Table  1
Basic demographic statistics of Lancaster County, Nebraska.

Lancaster County USA

Total area in square miles 846.71 3794,083.06
Population, April 1, 2000 250,291 281,421,906
%  White, non-Hispanic 88.7 69.1
%  Black 2.8 12.3
%  Asian or Pacific Islander 2.9 3.6
%  Hispanic 3.4 12.5
Median family income, 1999 53,676 50,046
Civilian unemployment rate, 2000 2.4 4.0
Civilian unemployment rate, 2005 3.5 5.1
%  Population below poverty, 1999 9.5 12.4
%  Households with persons under 18 in 2000 31.8 36.0
%  Population below age 18 in 2000 23.5 25.7
%  Population age 25+ in 2000 61.1 64.7
%  Bachelor’s degree or higher, ages 25+, 2000 32.6 24.4
% High school graduate or higher, ages 25+, 2000 90.5 80.4
Mean  travel time to work (minutes), 2000 17.8 25.5
No  of serious crimes known to police per 100k in 1999 6144 4347
No  of serious crimes known to police per 100k in 2003 5983 4104
Median value of owner-occupied housing unit, 2000 105,900 119,600
No  of owner-occupied housing units, 2000 59,990 69816,513

Data: U.S. Census Bureau, Bureau of Labor Statistics and the Federal Bureau of Investigation, retrieved from http://censtats.census.gov/usa/usa.shtml on November 30, 2006.

Table  2
Characteristics of level 3 sex offenders in Lancaster County, 2000–2005.

Mean SD Min  Max

Male 0.986 0.119 0 1
White  0.780 0.415 0 1
Black  0.182 0.387 0 1
Age  when initially listed at first address 36.4 11.7 18 74
Convicted of sex crime involving child* 0.478 0.501 0 1
Convicted of sexual assault or rape* 0.866 0.341 0 1
Convicted of visual depiction* 0.024 0.153 0 1
Convicted of incest* 0.029 0.167 0 1
Number of sex convictions 1.40 0.740 1 5
Number of addresses listed, 2000–2006 2.71 2.40 1 15
Years  since most recent conviction when initially listed at first address 6.14 4.40 0.162 22.7
Years  lived at most recent address 0.988 1.05 0.005 5.90
Years  lived at any address 0.883 0.828 0.016 5.56

Data: Nebraska State Patrol’s sex offender registry listings, gathered on 1/10/06, 3/16/06, and 6/28/06. Number of observations = 209. Excluded are 31 offenders with incomplete
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nformation because they moved out of Lancaster County before 1/10/06.
* Multiple convictions are possible.

wo local newspapers. First, from March 30, 2000 through February
6, 2004, the Omaha World Herald published changes to the online
egistry nearly every week or as the newspaper received them21

Omaha World Herald, 2000–2004). Second, from May  26, 2001
hrough January 9, 2006, the complete lists of local offenders and
heir address changes were available from the Lincoln Journal
tar, the main daily newspaper serving Lancaster County (Lincoln,
001–2006)22.
Because of their schedules and other editorial constraints, the
ewspapers and Internet sources may  differ in printing changes to
he registry. I deduced the dates an offender inhabited each address

21 The Omaha World Herald listings covered offenders living in Lancaster and other
ounties and included the offender’s name, address, age, and convictions. Changes
o the registry occurred if an offender had moved and reported a new or different
ddress from before, if he had absconded, or if he was  sent back to jail. Only new
ddresses were reported. The newspaper did not report the old address from which
he  offender has moved. These listing were accessed online via the Lexis–Nexis
atabase.
22 The Lincoln Journal Star ran the entire list of the Level 3 offenders living in
incoln and southeastern Nebraska each month and printed changes to the registry
n a weekly basis. These lists were composed of the offenders who appeared in
he  online registry at the time of the newspaper’s publication. These listings were
ccessed online via the Newsbank database.
by applying the data across the three sources (see the Appendix
A). This procedure resulted in a dataset consisting of the address
history and personal profile information for each offender in Lan-
caster County. In total, there were 240 sex offenders who reported
living at 664 different addresses in Lancaster County from March
30, 2000 through January 10, 2006. These counts exclude addresses
of halfway houses, homeless shelters, and motels. Addresses with
descriptions such as “absconded” or “jailed” are also excluded. In
some instances, more than one sex offender lives in the same build-
ing or near another offender during overlapping time periods23. In
the regressions, a property is analyzed according to the timing and
proximity of a registered address, not to individual offenders. If off-
enders overlap, then the period for that address listing begins when
the first offender moves in and ends when the later offender moves
out.
Table 2 displays some demographic characteristics of the sam-
ple’s 209 sex offenders in Lancaster County who were listed in
the Nebraska State Patrol online registry as of January 10, 2006 or

23 The reason for using data from multiple dates was  that not all the offenders
appear in the registry at the same time. Some move in and out of the county or in
and  out of jail.

http://censtats.census.gov/usa/usa.shtml
http://censtats.census.gov/usa/usa.shtml
http://censtats.census.gov/usa/usa.shtml
http://censtats.census.gov/usa/usa.shtml
http://censtats.census.gov/usa/usa.shtml
http://censtats.census.gov/usa/usa.shtml
http://censtats.census.gov/usa/usa.shtml
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Fig. 2. (a) Number of addresses that each offender reported in Lancaster County,
2000–2006. (b) Years an offender lived at each address reported in Lancaster County,
2000–2006. Data: Nebraska State Patrol Sex Offender Registry listings for Level 3
(high risk) offenders.
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ater24. According to the online profiles of these offenders, nearly
fty percent had been convicted of a sex crime involving a child
r minor. Ages of the offenders range from 18 to 74, almost all are
ale, and about 18% are Black, in contrast to 3% among the gen-

ral population in the county. The offenders occupy an address for
 mean duration of 0.9 years and median duration of 0.45 years
nd thus are relatively mobile; the nationwide median duration
n a current residence was 5.2 years, according to the U.S. Cen-
us (Hansen, 1998). As seen in Fig. 2a, offenders reported between

 and 15 unique addresses since the registry went online in 2000
hrough 2006; nearly 60% had lived at 2 or more addresses. Further-

ore, Fig. 2b shows that only a small proportion of the addresses
ppeared in the registry for over a year, suggesting that offenders
n average are a transient group.

.2. Geographic parcel data

I used geographic information system (GIS) data from the Lan-
aster County Assessor to map  the locations and boundaries of
very parcel in the county. The geographic analysis is conducted
rom the perspective of the homebuyer’s or assessor parcel’s loca-
ion (rather than the sex offender) and defines the property to be
ear an offender address if any listed offender was within 0.1 mi  of
hat property. Multiple offenders who lived near the property dur-
ng overlapping time periods constitute a single “treatment” on that
roperty, or exposure to an offender or offenders nearby. Further
IS details are explained in Appendix A.

.3. Crime incident data

Geocoded addresses, dates, and times for all crime incidents
eported between January 2000 and November 2006 were obtained
irectly from the Lincoln Police Department. Each sex crime inci-
ent was classified as a forcible rape, attempted rape, molestation,
ornography, and so forth, according to the system used by the
ederal Bureau of Investigation’s Uniform Crime Report (UCR) Pro-
ram. I compute counts of crime incidents within 0.1 mi  and within
.3 mi  of every parcel in Lincoln at yearly and monthly periods. I also
ompute past crime counts for each Census block group by sum-
arizing the number of crime incidents reported in the year 2000

hat occurred within the block group boundaries.

.4. Property sales data and summary statistics

The Lancaster County Assessor provided the sales history (prices
nd sale dates) of each parcel, along with the building and land
haracteristics as of 2005. I adjusted all sale prices to December
004 dollars according to the monthly Consumer Price Index (CPI)
idwest urban series for housing. For the final dataset, I limit
he analysis to the 58,094 sales of non-vacant residential parcels
etween January 1, 1994 and January 18, 2006, with recorded
ale prices above $5000 and below $1000,00025. In the dataset,

24 Data for 31 offenders (13 percent of the sample) were obtained solely from the
ewspapers. These offenders have incomplete demographic profiles, so they are
xcluded from Table 2 but included in other estimates.
25 The sales data are based on deeds that were filed each time a transaction
ccurred. Because some non-market transactions are documented along with the
sual real estate market sales, deeds data can be noisy, particularly at the lower end
f  the price distribution. For example, within-family property transfers may  report

 “sale priceẗhat is far below the property’s assessed value. For this reason, I truncate
he data to include only sales with prices above $5000. If multiple “salesöf the same
arcel occurred on the same date, I keep only one sale; if the prices differ among the
ales, then I keep the sale with the highest price. I delete the earlier sales if multiple
ales occurred within the same month at identical prices. Data from before 1994
ere noisier and thus are excluded. Few residential properties were sold at prices

bove $1000,000.
these properties are classified as urban residential homes, residen-
tial house-type condominiums, urban residential condominiums,
mobile homes, or townhouses. Table 3 shows the summary statis-
tics of the building and area characteristics for each sale. Nearly
a fifth of the sales were located in “offender areas” or “offender-
prone areas,” which I define as an area that (at least once during the
study period of 2000–2006) had hosted a sex offender within 0.1 mi.
These houses tend to sell at lower prices and are older, smaller, and
of poorer quality than houses in the overall sample. On average, sex
offender areas are more socio-economically disadvantaged, with
higher poverty and unemployment rates and a lower percentage of
college graduates.

The baseline hedonic specifications include controls for square
footage, building quality, building age, whether the property was
sold in the same year it was  built, number of bedrooms, number of
bathrooms, dummies for property type, and year indicators, with
the standard errors clustered by neighborhood. Table A1 shows in
separate columns the estimates from hedonic regressions with log
sale price and log appraised value as the dependent variables. The
coefficient magnitudes of nearly all the building attributes in the
log sale price equation are similar to those from the log appraised
value equation26.
26 Results are robust when using alternate specifications such as dummy variables
for the number of bedrooms, bathrooms, or building quality.
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Table  3
Summary statistics of urban residential home sales in Lancaster County.

All Offender area Min Max

Sale price, inflation-adjusted 130,987 (70265) 89,800 (38928) 5876 1000,000
Age  of building, years 31.3 (29.6) 56.3 (33.0) 0 137
Sold  in year built 0.125 (0.331) 0.043 (0.202) 0 1
Total  square footage of building 1852 (713) 1532 (532) 400 10,892
Area  of parcel, internal units squared 8292 (7206) 6747 (3054) 274 532,012
Building quality* 282 (54.0) 255 (43.6) 30 650
No  of Bedrooms 2.73 (0.692) 2.58 (0.720) 0 8
No  of Bathrooms 2.20 (0.908) 1.68 (0.713) 1 8
No  of fireplaces 0.501 (0.622) 0.222 (0.459) 0 6
Air  conditioned 0.943 (0.231) 0.835 (0.372) 0 1
No  of buildings 1.00 (0.031) 1.00 (0.055) 1 3
Urban residential house 0.890 (0.312) 0.922 (0.269) 0 1
Urban residential condo 0.001 (0.026) 0.002 (0.040) 0 1
Residential house-type condo 0.011 (0.105) 0.012 (0.107) 0 1
Townhouse 0.097 (0.296) 0.062 (0.241) 0 1
Mobile home 0.001 (0.028) 0.003 (0.054) 0 1
N  58,094 11,042

Census block group variable All Non-transient offender area Transient offender area Min  Max

Population density (no. per sq km)  1464 (957) 2361 (1261) 1778 (1065) 24.6 9451
%  Single person households 0.241 (0.111) 0.331 (0.104) 0.285 (0.107) 0 1
%  Owner-occupied housing units 0.712 (0.204) 0.489 (0.214) 0.605 (0.217) 0 1
%  College graduates 0.358 (0.163) 0.244 (0.118) 0.293 (0.144) 0.040 0.777
%  Living in same house 5 years 0.477 (0.138) 0.407 (0.129) 0.440 (0.110) 0.103 0.799
%  Below poverty 0.072 (0.072) 0.150 (0.102) 0.108 (0.085) 0 1
%  Population age 17 or under 0.253 (0.062) 0.231 (0.059) 0.245 (0.061) 0 0.433
Unemployment rate 0.027 (0.026) 0.044 (0.033) 0.036 (0.034) 0 0.316
%  White 0.901 (0.083) 0.817 (0.120) 0.865 (0.104) 0.537 1
No  of violent crimes 21.3 (20.9) 34.9 (24.6) 29.1 (23.1) 0 106
No  of sex crimes 2.91 (2.73) 4.16 (2.90) 3.68 (2.92) 0 17
N  58,094 6446 4596

Data: Lancaster County Assessor, 2000 U.S. Census Summary File 3, and Lincoln Police Department crime incident reports for 2000. The sample consists of urban residential
parcels sold during Jan 1994–Jan 2006 with 5000 < sale price ≤ 1000,000, building age ≥ 0, and non-missing values for square footage. Non-transient offender area denotes
parcels  with only offenders residing within 0.1 mi  for less than 6 months. Transient offender area denotes parcels with any offenders residing within 0.1 mi  for 6 months or
more.  Means are displayed with standard deviations in parentheses.

* Range 010–700. Below 100: mobile home quality; 100 poor, 200 fair, 300 average, 600 excellent plus. Offender area denotes parcels with any sex offenders ever located
w
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. Results

.1. Basic results
Fig. 3 plots the densities of the log sale prices from 2000 to 2006.
he density of prices for offender prone areas (within 0.1 mi  of an
ffender at least once during the study period) lies to the left of the

0
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1
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Log sale price

Offender ever within 0.1mi Offender never within 0.1mi

Densities of log sale prices, 2000−2006

ig. 3. Densities of log sale prices, 2000–2006. Data: Lancaster County Assessor and
ebraska State Patrol Sex Offender Registry.
non-offender areas but is otherwise similar in shape. To explore the
underlying time trends, Fig. 4a compares the median sale prices by
year for the 0.1-mi wide offender-prone areas before they receive
their first offender with areas non-offender-prone areas (which
never host an offender within 0.1 mi). Despite a lower intercept, the
trend for the offender-prone is parallel to the trend for non-offender
areas. For an initial illustration of the patterns of sale prices relative
to the timing of a registry listing, Fig. 4b displays locally weighted
nonparametric plots of log sale prices before and after the arrival
of the first nearby sex offender. Again, the price trends before the
event of an offender’s listing appear similar. These patterns sug-
gest that while sex offenders are inclined to live in cheaper areas,
there are no obvious differences in their annual pre-treatment price
trends. However, Fig. 4b does suggest that there may  be differences
in prices after the first offender is listed. For houses within 0.1 mi of
an offender, a vague downward trend in prices appears at the tail
end of the two  years after the offender’s listing, while the trend is
flat or flatter for houses farther away.

Table 4 shows ordinary least squares regression estimates of
the relationship between house prices and sex offender locations,
using different constructions of sex offender proximity during a sale
and different definitions of neighborhood fixed effects. All specifi-
cations include building characteristics, and the standard errors are
clustered by neighborhood. The first column gives the estimate of a

simple regression of log sale price on the indicator for whether a sex
offender was  listed within 0.1 mi  during the sale. In this naïve spec-
ification, which takes into account neither the timing of the registry
listing nor offenders sorting into different neighborhoods, houses
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Table 4
The effect of proximity to sex offenders during sale.

Dependent
variable: log (sale
price)

(1) (2) (3) (4) (5) (6) (7) (8)

Ignore transient
offenders during
sale#

No No No Yes Yes Yes Yes No

Offender in 0.1 mi
during sale

−0.042* (0.018) 0.001 (0.014) −0.009 (0.014) −0.049** (0.019) −0.043* (0.017) −0.034* (0.016) −0.039* (0.016) 0.017 (0.013)

Offender-prone
area  [0.1 mi
radius]

−0.066** (0.014) −0.050* (0.019) −0.050** (0.013) −0.028 (0.020) −0.043* (0.017) −0.049** (0.017) −0.027 (0.020)

Non-transient
offender-prone
area  [0.1 mi
radius]

−0.090** (0.027) −0.043* (0.019) −0.018 (0.021) −0.022 (0.021) −0.041* (0.020)

Offender in 0.1 mi
during
sale × Listed for
0.5+ years

−0.057** (0.019)

Include  time trend
within areas that
ever had
offenders

No No Yes No Yes Yes Yes Yes

Type  of area fixed
effects

None None Nbh None Nbh Block group Offender-radius Nbh

Standard errors
clustered by:

Nbh Nbh Nbh Nbh Nbh Block group Offender-radius Nbh

R-squared 0.62 0.63 0.67 0.63 0.67 0.65 0.65 0.67

Data: Lancaster County Assessor, Nebraska State Patrol Sex Offender Registry, and 2000 U.S. Census Summary File 3. The sample consists of 58,094 urban residential parcel sales
during Jan 1994–Jan 2006 with 5000 < sale price ≤ 1000,000, building age ≥ 0, and non-missing values for square footage. Note: Clustered standard errors are in parentheses.
All  regressions control for square footage, building quality, air-conditioning, fireplace, building age, sold in year built, no of bedrooms, no of bathrooms, indicators for house
type,  quarter sold, and year dummies. “Nbh” refers to the assessor’s neighborhood codes, “Block group” refers to Census block groups, and “Offender-radius” refers to the
earliest  offender address ever listed within 0.3 mi  of the house. Col. 5–8 also include a time trend within non-transient offender areas.

# When ignoring transient offenders during sale, the definition of “Offender in 0.1 mi  during sale” requires address be listed for 0.5+ years by the sale date. “Non-transient
offender” refers to address that was listed for 0.5+ years.
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* 1% significance.

hat were sold while sex offenders were listed nearby appear lower
n price by 4.2 percentage points. To identify the effects within
ffender-prone areas using the timing of the registry listing, I add
he indicator for being in an offender-prone area defined by a 0.1 mi
adius (column 2). The coefficient on this variable is negative and
tatistically significant and indicates that offenders sort into worse
reas whose houses already sell for 6.6 percentage points less than
ouses farther away. Meanwhile, the observed effect of listing an
ffender within 0.1 mi  during the sale disappears toward zero and
s statistically insignificant.

Column 3 adds neighborhood fixed effects and a time trend
ithin offender prone areas of 0.1 mi;  this is the estimation of Eq.

2). These neighborhoods are based on the neighborhood codes
hat the Lancaster County Assessor assigned to all parcels27. With
hese fixed effects, the impact of listing an offender within 0.1 mi
uring the sale remains small and statistically insignificant. Mean-

hile, the price difference between residential properties in the

.1-mi offender-prone areas and properties outside of the 0.1-mi
adius but still within the same neighborhood remains negative.

27 The neighborhood codes refer to groups of parcels that share common identities
ccording to the Lancaster County Assessor. Where relevant, the name of a neigh-
orhood typically corresponds to the name of the homeowners’ association serving
he area. In general, the houses belonging to each neighborhood are contiguous,
hough the sizes and shapes of the neighborhoods may  vary; the analysis sample
epresents about 216 of these neighborhoods. For example, some neighborhoods are
.25  square miles, while others are mile-long strips. Based on data from the January
0, 2006 online registry, 216 neighborhoods in Lancaster County were represented

n  the analysis sample of urban residential sales, and 44 of these neighborhoods
ere home to a sex offender at that time. (The county assessor lists a total of 827
eighborhood codes, but the majority are rural and are excluded from the analysis.)
This outcome suggests that sex offenders live in worse areas within
a neighborhood, as they do across neighborhoods. These estimates
of the effect of sex offender proximity, which include all offen-
ders, differ from studies excluding transient offenders that find a
negative price effect (e.g., Linden and Rockoff, 2008).

5.2. Sex offender mobility

Property sales near transient offenders comprise a significant
portion of the sample. Of the sales in offender areas, 60% had (at
least once during the study period) hosted a non-transient offender
who lived nearby for 6 months or more. Transient offenders are
observed in wealthier neighborhoods than non-transient offenders.
Compared to transient offender areas, non-transient offender areas
have higher poverty, higher rates of single person households, and
lower rates of owner-occupied housing. Residents of non-transient
offenders areas are more mobile, with a lower percentage of resi-
dents living in the same house after 5 years. Slightly fewer minors
age 17 and under live in non-transient offender areas. A number of
offenders who  were initially transient are later observed residing
in longer durations in economically poorer neighborhoods. These
patterns in the data are partly consistent with arguments that reg-
istered offenders may  have difficulty re-integrating into society,
driven away if they cannot get jobs and afford housing costs or
even by vigilantes.

I limit the sample to non-transient offender addresses, which

appear in the registry for at least six consecutive months. I also
allow for the coefficient to vary in areas that were susceptible
to receiving a non-transient offender. The effect of being within
0.1 mi  of one of these offenders during a sale becomes negative
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Fig. 4. (a) Median sale prices, before arrival of first sex offender. Data: Lancaster
County Assessor, and Nebraska State Patrol Sex Offender Registry. The sample con-
sists  of 58,094 urban residential parcels sold Jan 1994–Jan 2006 with 5000 < sale
price ≤ 1000,000, building age ≥ 0, and non-missing values for square footage. (b)
Price trends by time after offender’s listing. Data: Lancaster County Assessor, and
Nebraska State Patrol Sex Offender Registry. The sample consists of 58,094 urban
residential parcels sold Jan 1994–Jan 2006 with 5000 < sale price ≤ 1000,000, build-
ing  age ≥ 0, and non-missing values for square footage. Note: The locally-weighted
kernel density estimates use the Epanechnikov kernel with bandwidth = 0.5. “Within
0.1  mi  of offender” refers to houses that were ever within 0.1 mi  of a registered
offender. “Within 0.3 mi  of offender” refers to houses that were beyond 0.1 mi  but
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ver  within 0.3 mi  of an offender. “Within 1 mi  of offender” refers to houses that
ere beyond 0.3 mi  but ever within 1 mi  of an offender. After an offender’s listing,

nly  sales that take place in the presence of an offender are shown.

nd statistically significant (columns 4 and 5 of Table 4). Offender

ddresses with longer durations in the registry depress property
ale prices by up to 4.3 percentage points; the magnitude is similar
ith alternate definitions of neighborhoods (columns 5–7)28.

28 While the residential parcels in the assessor-coded neighborhoods are for the
ost part geographically contiguous, there are exceptions. A reasonable alternative

s  to use Census block group boundaries, which contain contiguous populations
ithin Census tracts that have “relatively homogeneousd̈emographic and economic

haracteristics. The sample houses belong to 170 block groups, with populations
rom 446 to 5267, and a median of 1174. Block group boundaries and the assessor’s
eighborhoods coincide in some cases, but block groups do not necessarily represent
he neighborhoods as viewed by the market. A third method defines fixed effects
y  specific offender areas, based on the earliest sex offender address that was listed
ithin 0.3 mi  of each property. This is relevant if one believes that houses close to a
articular sex offender are more similar to each other despite official boundaries. To
ome extent, the choice of a definition matters. In various specifications, estimates
sing the assessor’s code are larger in magnitude and more likely to be statistically
ignificant than those using block groups or offender areas. Since they intend to
nd Economics 44 (2015) 42–60 51

Excluding transient offenders from the sample yields estimates
that are similar to those presented in other studies. I add an
interaction of the indicator for having an offender nearby during
a sale with an indicator for whether the offender address had
been listed for at least 0.5 years by the sale date. The interaction
coefficients in column 8 confirm that the effects of less transient
offenders (those who have lived at the same address for at least 0.5
years) are statistically different from the effects of more transient
offenders. That the estimates vary by the offender’s duration of
residency suggests that the market in Lancaster County responds
less to the more transient sex offenders, and these more transient
offenders may  be driving the smaller magnitudes of the full
sample estimates in column 3. However, to focus entirely on more
permanent addresses would be to ignore the very large proportion
of offenders in Lancaster County who  have less stable addresses.

In Table 5, I further explore how the impacts of offender proxim-
ity vary with an address’s duration in the registry. I expand Eq. (2)
to include an interaction of the duration (in years) of an offender’s
address listing in the registry with respect to the sale date with the
indicator for whether it was  within 0.1 mi  during the sale. Column 1
shows the results with this interaction term, and column 2 adds the
squared interaction term; in both, I exclude transient offenders who
had been listed for under 0.5 years during the sale. The coefficients
suggest a nonlinear relationship that is initially negative. To better
illustrate the short-term effects of sex offender listings, columns
3 and 4 present results using all nearby offenders during a sale,
including the transient addresses. The patterns again imply a non-
linear relationship. From solving a quadratic equation with respect
to years listed using the coefficients in column 4, one can infer that
the price effect of having a sex offender nearby during a sale is
initially non-negative. The relationship becomes negative after an
address has appeared in the registry for 0.43 years, growing in mag-
nitude until 2.16 years, after which it becomes less negative over
time as the address remains in the registry.

Indeed, the median duration of a listing was about 0.45 years
among all addresses reported between 2000 and early 200629. Thus,
the housing market in Lancaster County responds negatively to half
of the offender addresses, but is less responsive to the other half,
which more transient offenders occupy. One hypothesis is that the
difference could arise from information lags if homebuyers do not
have enough time to react to addresses listed for only a few months.
Many homebuyers do gather information within that that time
frame, however. According to the Midlands Multiple Listing Service
database, the median time on the market for an existing residential
home sold in Lincoln during 2000–2006 was  34 days. Lags alone
may  not explain why  the negative price response to non-transient
offenders continues to grow for a few years.

One could surmise that because homebuyers are making long-
term investments, they would respond to only the offenders whom
they believe would remain in the neighborhood for a longer time.
In the data and in real life, homeowners cannot observe whether a
high-risk offender will move away shortly. They can only observe
his current duration at his current address. If homebuyers pre-
dict future durations based on past durations, then prices should
decrease more the longer an address is listed in the registry, to the

extent that homebuyers believe that duration predicts their expo-
sure to crime risk. Supporting this idea, Table 5 shows the price
effect becoming more negative throughout an address’s first two

reflect neighborhoods as perceived by the market, I rely on the assessor’s codes
in  the rest of the analysis, interpreting my coefficients as being closer to an upper
bound than to a lower bound of the price effects of sex offender proximity.

29 Snapshots of the registry on particular dates 5–6 years after the registry’s debut
reveal that between 30 and 43 percent of offender addresses had been listed for 0.5
years or less by those dates.
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Table 5
How the effect of sex offender proximity varies over time.

Dependent variable: log (sale price) (1) (2) (3) (4)
Ignore  transient offenders during sale# Yes Yes No No

Years offender was listed × offender in 0.1 mi  during sale 0.006 (0.012) −0.083+ (0.043) −0.016 (0.012) −0.095** (0.030)
(Years offender was  listed × offender in 01 mi  during sale)2 0.020* (0.009) 0.022** (0.007)
Offender in 0.1 mi  during sale −0.051* (0.023) 0.015 (0.036) 0.005 (0.014) 0.037* (0.017)
Offender-prone area [0.1 mi  radius] −0.028 (0.020) −0.028 (0.020) −0.050* (0.019) −0.050** (0.019)
Non-transient offender-prone area [0.1 mi  radius] −0.043* (0.019) −0.043* (0.020)
R-squared 0.67 0.67 0.67 0.67

Data: Lancaster County Assessor and Nebraska State Patrol Sex Offender Registry. The sample consists of 58,094 urban residential parcel sales during Jan 1994–Jan 2006 with
5000  < sale price ≤ 1000,000, building age ≥ 0, and non-missing values for square footage.
Note: All regressions include neighborhood fixed effects and control for square footage, building quality, air-conditioning, fireplace, building age, sold in year built, no of
bedrooms, no of bathrooms, indicators for house type, quarter sold, year dummies, and time trend within offender areas. Standard errors are in parentheses and clustered
by  neighborhood.
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proximity during house sales in places that have nearby offenders
exactly one year after the sales with the effect in places that do
not. According to the last coefficient in column 5, the difference in

30 Put in another way, the sign of the effect when an offender initially moves into
an  area with no prior offenders is positive (not shown in the table), suggesting that
prices do not fall as much here compared to areas that had previously hosted an
offender. Again, this difference was not statistically significant. Table A2 shows the
annual counts of residential property sales receiving the “treatmentöf being within
* 1% significance.
When ignoring transient offenders during sale, the definition of “Offender in 0.1 m

ears in the registry. However, homebuyers cannot easily observe
ast durations of offenders who have more recently moved to an
ddress.

Alternatively, the difference in the responses to long-term and
o short-term offender addresses could arise if more mobile off-
nders sort into locales that do not react to their presence. For
xample, they may  pose little additional threat in neighborhoods
hat are already crime-ridden (Meloy et al., 2008) or that are full
f people who frequently move. These offenders may  more eas-
ly inhabit bad areas that have attracted other offenders, and the
rrival of a new offender might not affect the area’s already declin-
ng reputation. However, a comparison of areas that were occupied
y non-transient offenders (0.5+ years at an address) with areas
hat were occupied by transient offenders casts some doubt on this
ypothesis, since the results imply that non-transient offenders live

n worse areas than transient offenders. As seen in Tables 4 and 5,
ouses that were in areas prone to having non-transient offen-
ers within 0.1 mi  had lower prices than houses that were prone to
aving both transient and non-transient offenders. In unreported
abulations, sample houses in non-transient offender-prone areas
ere more likely to be located in Census block groups with higher
overty rates and residential mobility rates (based on the 2000 U.S.
ensus, before the registry went online) than houses that were in
ransient-prone areas.

Given the prevalence of sex offender mobility, one should con-
ider the presence of sex offenders in the past when estimating the
ffects of offender proximity. Eq. (3) is appropriate if neighborhoods
xperience multiple events of offender arrivals and departures. It
lso serves as a robustness check if sorting or stigma from offen-
ers previously in the area might bias results. Table 6 compares
he results when taking into account past and future sex offender

obility. For clarity, I focus on the negative relationship between
rices and the proximity to the less transient offenders who  had
een listed for at least 0.5 years by the time of the sale. Col-
mn 1 re-prints the coefficients from the basic specification with
eighborhood fixed effects (from column 5 of Table 4). Column 2
stimates Eq. (3) by controlling for the presence of offenders in the
ast, that is, offenders who had lived within 0.1 mi  but had moved
way prior to a property’s sale. Including the controls for offender
obility does not substantially change the negative coefficient on

aving an offender within 0.1 mi  during a sale; the estimate is about
0.043 and is significant at the five percent level.

For cleaner estimation, I look at the effect on property prices

hen the first offender moves to an area that had never previously
osted an offender. This situation would correspond more closely to

 new, unanticipated crime advisory in the neighborhood. Column
 shows coefficients when interacting the indicator for whether an
ing sale” requires address be listed for 0.5+ years by the sale date.

offender was  within 0.1 mi  during the sale with the indicator for
the presence of a nearby offender in the past (the counterfactual
being no nearby offenders in the past). The variable for having an
offender nearby during a sale corresponds to the average effect of
the arrival of the first offender to a “clean” area in which no offender
had lived before. The interaction term corresponds to the effect
of the arrival of an offender into a “contaminated” area that had
hosted an offender or several offenders in the past. In “clean” areas,
the estimated effect of being near an offender during the sale is
negative (−0.039), statistically significant, and slightly smaller in
magnitude than the average effect in column 2. In areas that had
previously hosted an offender, the effect of having a sex offender
move in nearby appears larger in magnitude but is not statistically
significant, likely due to small sample sizes30.

Next, I examine the effects after offenders move away. This
checks that price responses are driven by the actual presence of
a sex offender rather than by unobserved neighborhood trends or
by the stigma from hosting offenders in the past. If unobserved
location trends correlated with offenders’ location choices were
driving the estimated price decreases after an offender moves in,
then house prices should continue to differ from the counterfac-
tual after the offender moves away. Instead, I find that house prices
rebound. The last coefficient of column 4 in Table 6 shows that if
the offender had moved away by the time of the sale, then prices for
houses whose offender had recently moved away are 4.96% higher
than houses that still have an offender nearby. Prices do not dif-
fer significantly between houses that had been near the offender
before and houses that had never been near an offender. The result
is consistent with Pope (2008), who also finds that prices rebound
once an offender moves away.

In another falsification check, I verify that the price responses
are similar when conditioning on the presence of offenders one year
in the future. In column 5 of Table 6, I compare the effect of offender
0.1  mi  of a high-risk sex offender who was listed during the sale date. Out of a total
of 58,094 sales between 1994 and early 2006, 486 received the “treatment.B̈ecause
offenders are added to the database cumulatively, the counts are somewhat smaller
in  the registry’s earlier years, and some power is lost when estimating within neigh-
borhoods.
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Table 6
Accounting for sex offender mobility in estimates of the effects of offender proximity on house prices.

Dependent
variable: log (sale
price)

(1) (2) (3) (4) (5) (6) (7)

Offender in 0.1 mi
during sale

−0.043* (0.017) −0.043* (0.017) −0.039* (0.020) −0.032+ (0.018) 0.180 (0.186) −0.052* (0.022)

Offender-prone
area

−0.028  (0.020) −0.035 (0.021) −0.035 (0.022) −0.034+ (0.020) −0.016 (0.118) −0.035 (0.021)

Non-transient
offender-prone
area

−0.043* (0.019) −0.044* (0.020) −0.044* (0.020) −0.044* (0.020) −0.152 (0.153) −0.044* (0.020)

Prior  offender in
0.1 mi

−0.025+ (0.014) −0.023 (0.018) −0.025 (0.016) 0.152* (0.062) −0.025+ (0.014)

Prior  offender in
0.1 mi  × offender in
0.1 mi  during sale

−0.049 (0.033)

Offender moved
away recently: Prior
offender in
0.1 mi  × No
offender in 0.1 mi
during sale

0.0496* (0.024)

Offender in 0.1 mi,
1 year after sale

0.001 (0.012)

Offender in 0.1 mi  1
year after
sale × offender in
0.1 mi  during sale

−0.030 (0.038)

House  has 0–2 bed-
rooms × offender in
0.1 mi  during sale

0.019 (0.030)

Sample  restriction? 0.1 mi recent Single bedroom
N  58,094 58,094 58,094 476 58,094 1246 58,094

“Offender in 0.1 mi during sale” refers to offender addresses that were listed within 0.1 mi  for 0.5+ years by the sale date. The sample consists of 58,094 urban residential parcel sales during Jan 1994–Jan 2006 with 5000 < sale
price  ≤ 1000,000, building age ≥ 0, and non-missing values for square footage. Regressions include neighborhood fixed effects and control for square footage, building quality, air-conditioning, fireplace, building age, sold in year
built,  no of bedrooms, no of bathrooms, indicators for house type, quarter sold, year dummies, time trend in areas that ever had an offender, and time trend in non-transient offender areas. Standard errors are in parentheses and
clustered  by neighborhood. Column 4 restricts the sample to areas that previously or currently host non-transient offenders within 0.1 mi.

+ 10%.
* 5%.

** 1% significance.
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Fig. 5. Quantile regression estimates for the effect of sex offender proximity. Data:
Nebraska State Patrol Sex Offender Registry, Lancaster County Assessor. The sample
consists of 58,094 urban residential parcel sales during Jan 1994–Jan 2006 with
5000 < sale price ≤ 1000,000, building age ≥ 0, and non-missing values for square
footage. Note: Shown are the estimated coefficients on whether a sex offender lived
within 0.1 mi  during a sale, with 90% confidence intervals. The dependent variable
is  the log sale price. Regressors include whether an offender was ever within 0.1 mi
of  the parcel, square footage, building quality, air-conditioning, fireplace, building
4 S. Yeh / International Review of

rices for areas that will receive an offender one year in the future
s statistically insignificant.

To examine another dimension of housing market outcomes, I
odel the effects on the probability of sale. Table A3 shows the
eibull proportional hazard ratio estimates for residential prop-

rty sales using the covariates from the preceding models in this
aper and clustering standard errors by neighborhood. I examine
ariables indicating offender-prone areas of a 0.1 mi  radius and
onstruct a time-varying indicator corresponding to the timing of
ffenders’ address listings nearby31. Among property sales in the
ata, when an offender address is listed nearby, the hazards are

ower by 14% (columns 1 and 2); these residential properties take
onger to sell. Estimates are robust when restricting the sample
o only the sold parcels located in offender-prone neighborhoods.

 extend the sample to include both sold and non-sold residen-
ial parcels. Column 3 shows hazard ratios for the time to the first
ale in the data. Column 4 shows estimates from a conditional gap
ime model for the duration from the previous sale and stratifies
y the event order. Among all parcels, for houses near offender
ddresses, the likelihood of a sale is greater, though not statistically
ignificant. Among the observed sales in the study period, however,
hose located near an offender address statistically took longer to
ell.

.3. Heterogeneity

Evidence so far suggests that sex offender sorting occurs in Lan-
aster County. Heterogeneity in the effect of sex offender proximity
ay  arise when the reactions of homebuyers vary by type of neigh-

orhood or by other demographic indicators. For example, perhaps
uyers of expensive homes could afford to be more discriminat-

ng than buyers of inexpensive homes when purchasing, and house
rices in the upper distribution would reflect their behavior. I plot
uantile regression estimates of the effect of sex offender proximity

n Fig. 5, continuing to ignore more transient offenders during a sale.
he effect does not appear to vary across most of the price distribu-
ion. With the exception of the noisier estimates in the extremes,
oefficients in the upper quantiles are negative and are similar in
agnitudes to those in the lower quantiles.
Common intuition suggests that families with children and

reater financial resources would be more likely to heed offender
egistries when purchasing a home. Nearly half of the offenders had
een convicted of a sex crime involving a child (Table 2). In the data,
ex offenders in Lancaster County have a small marginal propensity
o locate by demographic characteristics32. To explore heterogene-
ty, I consider whether responses to sex offender proximity vary by
eighborhood characteristics such as poverty rates and percentages
f college graduates. Table A4 displays the results from interac-

ing indicators for various Census block group characteristics with
he indicator for being near an offender during a sale. I find no
tatistically significant differences by neighborhood traits33.

31 The final sale dates are observable in the data but not when a house was  initially
isted on the market by the seller. The hazards estimates for probability of sale are
ased on the elapsed time between recorded sales if an existing house was  sold at

east twice during the study period; or the elapsed time from the house’s building
ear if the house was  newly constructed after 1994; or the elapsed time from the
tart of the study period in 1994.
32 Black or African American offenders were more likely to live in neighborhoods
ith higher poverty rates, lower percentages of white people, lower percentages

f  owner-occupied housing units, and higher rates of violent crime. Black offenders
lso tend to be listed at addresses for shorter time periods. Older offenders and
hose convicted of incest and visual depictions tend to live for longer periods at
heir addresses. 18% of the individuals registered as sex offenders were Black; Black
ndividuals were less than 3% of the population of Lancaster.
33 I find no significant differences by neighborhood traits whether defined with
ndicators or defined linearly. The effect of offender proximity on house prices
age, sold in year built, no. of bedrooms, no. of bathrooms, indicators for house type,
quarter sold, year dummies, time trend within offender areas, and neighborhood
fixed effects.

A threat to validity may  arise if unobserved area trends are cor-
related with the timing of the arrival and the departure of sex
offenders. To address this, I compare price effects for buyers with
and without children, using houses with 3 or more bedrooms to
proxy for children. I find that offender proximity does not signifi-
cantly affect prices of houses with single bedrooms (Table 6, column
6). Within the areas near sex offenders and compared to houses
with fewer bedrooms, the negative price responses are stronger for
multi-bedroom residential sales (column 7). The estimates affirm
the idea that buyers respond to sex offender risk.

5.4. Crime incidents

Homebuyers commonly make inferences about a neighbor-
hood’s safety based on crime statistics compiled by local police
departments. For example, knowledge that a certain block has a
recent history of muggings or shootings may deter prospective
buyers from purchasing nearby. Homebuyers who respond to sex
offender registries may  also be alarmed by reports of local sex
crimes34. Here I define “sex crimes” to include rape, attempted rape,
statutory rape, pornography, sodomy, indecent exposure, molesta-
tions, incest, and other sex offenses as classified by the Lincoln
Police Department using Uniform Crime Report coding. Accord-
ing to the Lincoln Police Department database of crime incidents
in 2000–2006, sex crimes and forcible rapes (including attempted
rapes) were reported to occur at least once within 0.1 mi of 54% and
20% of sample properties, respectively. Because reported sex crime
incidents are numerous and vary in severity, I first analyze rapes

(including attempted rapes), which are less prevalent and perhaps
more likely to alarm the public.

remains negative even in neighborhoods with traits typical of poorer urban envi-
ronments, though it is noisier in “bettern̈eighborhoods (not shown in table).

34 While not every crime incident may  be widely publicized in the media,
concerned homebuyers are often advised to call local police departments for infor-
mation on crime in particular locations. According to informal conversations with
law  enforcement, if homebuyers contacted the department asking about neigh-
borhood crime, personnel would often direct them to crime statistics on the
department’s website and to the sex offender registry.
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Table  7
Price effects of non-transient offenders and sex crime incident locations.

Dependent variable: log (sale price) (1) (2) (3) (4)

Sex crimes# include Rapes & attempted rapes Rapes & attempted rapes Rapes & attempted rapes All sex crimes

Offender in 0.1 mi  during sale −0.043* (0.018) −0.043* (0.018)
Sex  crime in 0.1 mi occurred before sale −0.077** (0.013) −0.022* (0.009) −0.023** (0.008) −0.013+ (0.007)
Sex  crime-prone area [0.1 mi  radius] 0.004 (0.055) −0.008 (0.007) −0.003 (0.006)
Offender-prone area [0.1 mi  radius] −0.071 (0.061) −0.061 (0.061)
Non-transient offender-prone area [0.1 mi  radius] −0.074 (0.073) −0.069 (0.074)
Prior  offender in 0.1 mi  −0.028* (0.013) −0.030* (0.014)
Neighborhood fixed effects No Yes Yes Yes

Data: Lancaster County Assessor, Nebraska State Patrol Sex Offender Registry, and Lincoln Police Department crime incident reports in 2000–2006. The sample consists of
27,097  urban residential parcel sales in Lincoln during Jan 2001–Jan 2006 with 5000 < sale price ≤ 1000,000, building age ≥ 0, and non-missing values for square footage.
Note:  All regressions control for square footage, building quality, air-conditioning, fireplace, building age, sold in year built, no of bedrooms, no of bathrooms, indicators
for  house type, quarter sold, year dummies. Cols 2–4 include a time trend within areas that ever had an offender (or sex crime). Cols. 3–4 also include a time trend within
non-transient offender areas. “Offender in 0.1 mi  during sale” refers to offender addresses that were listed for 0.5+ years by the sale date. “Sex crime in 0.1 mi  occurred before
sale”  refers to incidents that were reported 0.5+ years before the sale date. Standard errors are in parentheses and clustered by neighborhood.

+ 10%.
* 5%.

, inde
2

L
h
h
t
s
1
c
i
o
p
r
o

c
p
o
t
l
l
r
s
n
l
t

r
o
s
o
p
w
c
o
i

s
y
I

t
s
s

public may  respond to community notification by exercising more
precaution (Bandy, 2011). The heightened precaution near reg-
istered offender addresses would align with people’s fear of sex

36 Sex crime incidents include rapes and attempted rapes, molest/fondling, prosti-
tution, pornography, vices, indecent exposure, sodomy, statutory rape, incest, other
** 1% significance.
# Sex crimes are rape, attempted rape, statutory rape, pornography, sodomy
000–November 2006.

The analyses of crime incidents reported in 2000–2006 to the
incoln Police Department reveal a negative relationship between
ouse prices and the proximity to rapes or attempted rapes that
ad been reported to the police prior to the sale (Table 7). Proper-
ies within 0.1 mi  of a previously reported rape or attempted rape
old for 7.7 percentage points less than those farther away (column
). Acknowledging the potential endogeneity of crime incidents,
olumn 2 shows estimates of Eq. (3) that substitute the proxim-
ty to sex offender addresses with the proximity to the locations
f reported sex crime incidents. With a coefficient of −0.022, the
rice consequence of being within 0.1 mi  of a rape or attempted
ape reported before a sale appears similar to its analogue of sex
ffender listings in column 1 of Table 6.

High-risk sex offenders tend to live in areas that have higher
rime counts. Recall from Table 3 that houses that were in offender-
rone areas were located in neighborhoods with higher counts
f both violent and sexual crimes compared to other areas. How,
hen, does the relationship between house prices and sex offender
ocations compare with estimates using past sex crime incident
ocations? I find that controlling for these past incidents, whether
apes or all sex crimes, does not affect the coefficients on the
ex offender location variables (columns 3 and 4), which remain
egative35. The relationship between house prices and sex offender

ocations appears distinct from the relationship with crime loca-
ions.

An information story may  provide one explanation. Since the
egistry listings act as crime advisories, people may  consider sex
ffender addresses to be stronger than past crime incidents in
ignaling an area’s crime risk. Second, information from online sex
ffender registries is likely more accessible than information about
revious crime incidents; no central database of crime incidents
as publicly available online during this time. While homebuyers

ould contact the local police department for specific information
n neighborhood crime, crime reports may  not have been published
n other media.

Table 8 shows the relationship between numbers of high-risk

ex offender addresses and reported sex crimes during the same
ear (or month) that the offender was registered in the area.
ncidence rate ratios (IRR) from conditional fixed effects Poisson

35 Because crime incident data is available only for the years 2000–2006, I limit
he sample to sales occurring from 2001 onwards. The estimate of the price effect of
ex  offender proximity, without conditioning on previous crime incidents, remains
imilar to that for the full sample (not shown in table).
cent exposure, molestation, incest, and other sex offenses reported in January

regressions are provided; neighborhood fixed effects, year fixed
effects (or year-month in the Appendix table), and neighborhood
time trends are included and standard errors are clustered by
neighborhood.

I analyze reported sex crime incidents with geocodes the
Lincoln police database36. Aggregating by year, I find no statis-
tically significant effect of notification of offender locations on
reported sex crimes within 0.1 mi  and a small increased relative risk
(IRR = 1.0095) within 0.3 mi  (Table 8, columns 1 and 2)37. The direc-
tion of the estimate is consistent with a finding in Agan and Prescott
(2014), who  observe that Internet notification of sex offender loca-
tions increased the risk of sex offenses relative to pre-notification
within similar neighborhoods in Baltimore.

Rapes with weapons are relevant to analyze separately, in light
of the registrants. During the study period, all sex offenders that
publicly appeared in the Nebraska registry were classified as Level 3
offenders, who were psychologically assessed as having the highest
risk of recidivism38. 87% of sample offenders had committed sexual
assault or rape (Table 2). I find that being in very close proximity
(0.1 mi  radius) to an additional offender address corresponds to a
decreased relative risk of rapes and attempted rapes involving a
weapon (column 3 of Table 8). However, the risk increases farther
away, within a 0.3 mi  radius (column 4).

The highly localized decrease in weapons rape risk could sup-
port the argument that serial rapists want to avoid being recognized
or monitored (Duwe et al., 2008). Since monitoring by law enforce-
ment would more likely occur near registered addresses, offenders,
including transients and unregistered individuals, may reduce their
crime there or relocate their crimes. Others have noted that the
sex crimes.
37 The signs of estimates are robust at the monthly level as well as in ordinary least

square specifications.
38 Lower level offenders were registered with law enforcement but not publicly

listed. According to a follow-up of all Nebraska registrants (Spohn, 2013), highest
level offenders (Level 3) were “nearly 14 times more likely to recidivateẗhan the
lowest tier. The most prevalent classification among all registrants was Level 3.
Out  of all Nebraska registrants, nearly a quarter of offenses involved violence or a
weapon. Of the registered offenders in 1997 and 2009, 1.7% reoffended within two
years of being released. 5.7% reoffended at least once, a rate within range of other
states’ rates.
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Table 8
Relationship between high-risk sex offender listings and sex crimes.

(1) (2) (3) (4) (5) (6) (7) (8)
Dependent
variable

All  sex
crimes

Rapes with
weapons

Molestations Prostitution,
Pornography,
Vices

Area radius 0.1 mi  0.3 mi  0.1 mi 0.3 mi  0.1 mi  0.3 mi 0.1 mi 0.3 mi

Number of
offenders

1.0064 (0.0062) 1.0095** (0.0027) 0.9324* (0.0287) 1.0135+ (0.0077) 0.9992 (0.0065) 1.0076** (0.0017) 1.0194 (0.0183) 1.0208** (0.0062)

Include  time
trend?

Yes Yes Yes Yes Yes Yes Yes Yes

Neighborhood
fixed  effects?

Yes Yes Yes Yes Yes Yes Yes Yes

Mean  number
of sex crime
type

0.0283 0.2618 0.0002 0.0022 0.0110 0.1007 0.0004 0.0035

N  524,587 558,670 111,384 167,517 478,905 522,172 171,458 233,268

Data: Lancaster County Assessor, Nebraska State Patrol Sex Offender Registry, and Lincoln Police Department crime incident reports in 2000–2006. The sample comprises
parcels within Lincoln.
Note: Incidence rate ratios from conditional fixed effects Poisson regressions are shown. Robust standard errors are in parentheses, clustered by neighborhood. Crime counts
are  aggregated by yearly periods. All regressions include neighborhood fixed effects, year dummies, a time trend within offender areas, a post-arrival indicator, and an
offender  area indicator. “Number of offenders” refers to offender addresses within 0.1 mi  that were listed during the time period when the crime incident occurred.
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10%.
* 5%.

** 1% significance.

rime risk, as reflected in the local house price responses driven by
amilies with children.

Molestations comprise a substantial number of the sex crimes in
incoln and are far more prevalent than rapes with weapons. The
verage parcel in Lincoln experienced 0.002 rapes with weapons
nd 0.101 molestations per year within 0.3 mi.  Although the hous-
ng market’s fears of sex offenders are most pronounced when
losest to their registered addresses, there is no corresponding
ncrease in molestation risk within 0.1 mi  (Table 8 column 5).
n additional offender address in the registry predicts a small

ncrease in molestations within 0.3 mi  (column 6). Statutory rape
nd incest have similar responses39. Prostitution, pornography, and
ice crime risk increases within 0.3 mi  but are insignificant within
.1 mi  (columns 7, 8). The directions of estimates for each sex crime
ype are robust when aggregating by month (Table A5). These pat-
erns are also consistent with offenders relocating their activities
r people taking more precaution immediately nearby than farther
way.

. Conclusion

How do people respond to perceived crime risks about sex off-
nders in the neighborhood? When including all sex offenders in
stimates, the average sex offender registry listing does not affect
ouse prices. Among more permanent listings in Lincoln, Nebraska,

 nearby high-risk sex offender depresses house prices by up to 4
ercentage points. Tracking sex offender mobility over time, I doc-
ment that the majority of registered sex offenders are relatively
ransient with durations of less than 6 months at an address. On
verage, offenders tend to stay for transient periods in better neigh-
orhoods while they tend to maintain more permanent residences
n worse neighborhoods. This phenomenon highlights policy con-
erns that registrants may  have difficulty maintaining residences
n better areas, whether due to stigma or other neighborhood

39 These and molestation counts may  reflect some differences in reporting by vic-
ims as a result of community notification. Often committed by people known to
he victim, molestations are more subject to victims’ personal reporting choices
han the rapes with weapons (which more often involve strangers). Written entries
n  the data reveal that many molestation incidents were not immediately reported
o  police.
factors, and subsequently move to less desirable neighborhoods
with environments that are more conducive to criminal behav-
ior. Nevertheless, the market perceives heightened crime risks
corresponding to registered high-risk sex offenders with more per-
manent housing, but not necessarily to offenders who  are relatively
transient and or to the prior locations of offenders who have since
moved away. House prices are more strongly influenced by these
nearby offender addresses than by recent sex crimes.

House price responses suggest fear of or distaste for high-risk
sex offenders in one’s close proximity. Sex crimes, however, are
not necessarily more likely after an offender moves in nearby. I
find localized reductions in rapes with weapons and no increases
in other sex crimes within 0.1 mi  of registered high-risk offenders.
Registry listings do predict an increased risk of sex crimes when
going farther away within the neighborhood. These geographic
patterns imperfectly meet the property market’s fear. Exploring
the mechanisms linking the offender registration with subsequent
crime is a direction for further research. While the majority of
the public registry listings (transient offenders) do not motivate
a strong response at the home-buying margin, they may  also be
motivating people or law enforcement to take extra precautions.
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Appendix A.
A.1. A. Nebraska sex offender registry dates

Each address change printed in the Omaha World Herald and
Lincoln Journal Star, together with the corresponding offender
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Table  A1
Hedonic regressions on building characteristics only.

(1) (2) (3)
Dependent variable: Log (sale price) Log (sale price) Log (appraised value in 2005)
Sample  Full Most recent sale Most recent sale

Square footage (1000 sqft) 0.174** (0.011) 0.169** (0.012) 0.214** (0.008)
Building quality 0.002** (0.000) 0.002** (0.000) 0.002** (0.000)
Air  conditioned 0.253** (0.016) 0.262** (0.017) 0.162** (0.015)
Has  fireplace 0.097** (0.011) 0.090** (0.010) 0.085** (0.008)
Building  age −0.005** (0.000) −0.005** (0.000) −0.004** (0.000)
Sold  in year built −0.251** (0.038) −0.290** (0.042) 0.016+ (0.009)
Number  of bedrooms 0.006 (0.007) 0.014+ (0.008) −0.038** (0.005)
Number  of bathrooms 0.065** (0.005) 0.060** (0.005) 0.063** (0.004)
Urban  residential condo −0.239* (0.103) −0.200* (0.101) −0.256** (0.055)
Residential house-type condo −0.170** (0.052) −0.165** (0.055) −0.256** (0.046)
Townhouse −0.132** (0.021) −0.123** (0.023) −0.164** (0.021)
Mobile home −1.300** (0.049) −1.343** (0.054) −1.305** (0.049)
Sold  in 2nd quarter 0.053** (0.005) 0.054** (0.006)
Sold  in 3rd quarter 0.079** (0.007) 0.083** (0.009)
Sold  in 4th quarter 0.098** (0.011) 0.105** (0.013)
Constant 10.683** (0.059) 10.708** (0.064) 10.503** (0.039)
Observations 58094 39282 39282
R-squared 0.62 0.59 0.86

Data: Lancaster County Assessor. The sample consists of urban residential parcels sold during Jan 1994–Jan 2006 with 5000 < sale price < 1000,000, building age ≥ 0, and
non-missing values for square footage.
Note: Robust standard errors are clustered by neighborhood and are in parentheses. Columns 1 and 2 include year dummies.

+ 10%.
* 5%.

** 1% significance.
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number range and street name that most closely match the raw
address entry in a given zip code and then uses the street number to
approximate the location along that street segment. An address was
nformation and the date it appeared in the newspaper, was
ecorded as a separate entry in the dataset. For the monthly dates
hen the entire registry was printed in the Lincoln Journal Star,

 determine the address changes by comparing these listings with
hose that appeared in the previous month. An offender is recorded
s having moved from his most recent address if (1) his name
as listed in the previous month, (2) there were no announce-
ents of his having moved within southeastern Nebraska in the

nterim weeks, and (3) his name no longer appears on the cur-
ent list. The offender is also recorded as having moved if his
ddress on the current list differs from those in the most recent
nnouncements.

I stack the records collected from the online registry on
ovember 29, 2005 and January 10, 2006, with those collected from

he Omaha World Herald and the Lincoln Journal Star. I sort the data
y the offender’s name (first, last, and middle initial) and assign an

D number to each unique offender. There were a few cases where a
ame did not match but looked very similar to another, most likely
ue to a misspelling or omission (for example, hyphenated names).

 consider the records to apply to the same person if the names
re nearly identical and the age and/or previous addresses also
atch.
This yields a multi-level dataset in which a single offender has

ultiple addresses listed. At this stage, the same address is some-
imes listed repeatedly for a single offender because the address
as announced in multiple sources. In this case, the newspaper
ate typically lagged the Internet date by a few days to up to
hree weeks. However, the date provided from the Internet source
efers to the date the current address was reported to law enforce-
ent and is not necessarily the date the address was actually

osted online. In fact, according to the web data, a few addresses
ere reported before the registry debuted online. To deal with
hese issues, I sort each offender’s addresses by date, and for each
nique address or set of identical and consecutive addresses (due
o the multiple sources), I assign the dates based on the following
ules:
(1) If the address was the first (earliest) address for the offender,
assign the earlier newspaper date as its starting date. Other-
wise, assign the address report date from the Internet source
as the earliest address. If the offender address was never
announced in a newspaper and only an Internet record was
available, then assign the date from the Internet source as the
starting date for that address.

(2) After completing step 1 for all addresses, assign the starting
date of the offender’s next unique address as the ending date.

(3) Records indicating the offender was  jailed or absconded are
treated as addresses for the sake of deducing the starting and
ending dates for non-institutional addresses. These artificial
“addresses” are later dropped from the analysis, as are halfway
houses and motels.

A.2. B. GIS and geocoding

I used geographic information system (GIS) data from the Lan-
caster County Assessor to map  the specific locations and boundaries
of every parcel in the county. In addition to the physical coordinates,
the record for each parcel includes its street address, unit number (if
applicable), neighborhood, and city, among other items. To locate
the sex offender homes, I first match the data from the registry
to the parcels in the GIS data using the street addresses and unit
number40. 472 addresses were matched to parcels in the assessor
database. I geocoded the remaining addresses with ArcGIS 9 soft-
ware and StreetMap USA data (2005). The software finds the street
40 A match was also allowed if the street addresses were identical, but the unit
number was missing or different in one of the datasets, e.g., an offender might live
in  a unit within an apartment complex that the assessor considers as one parcel.
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utomatically matched if it satisfied a minimum match score of 80
high confidence) and a spelling sensitivity score of 80 (addresses

ust match closely in spelling), with no ties allowed. The out-
ut coordinates assumed a side offset of 50 ft. These addresses
ypically were identical to those in the StreetMap data or had

inor differences in how the street type was abbreviated (for
xample, “Avenue” vs. “Ave”). The remaining addresses were
atched interactively while still requiring a score of 68 or above

o allow for minor misspellings of street names. A few addresses
ith no street names were discarded. The latitude and longi-
ude for five addresses that StreetMap was unable to locate were
btained from a web-based geocoding utility, http://terraserver.
icrosoft.com, accessed during July 2006. In the end, 575 offender

ddresses had unique geographic coordinates. In reality, there are

able A2
nnual counts of residential sales receiving the “treatment” of offender proximity.

Sale year Treated Untreated 

Offender in 0.1 mi  was
listed during sale

Offender in 0.1 mi  was  no
but listed in the past or fu

1994 0 922 

1995  0 793 

1996  0 867 

1997  0 959 

1998  0 1037 

1999  0 1000 

2000  2 903 

2001  17 863 

2002  31 898 

2003  69 835 

2004  143 757 

2005  223 707 

2006  1 15 

1994–2006 486 10,556 

ata: Lancaster County Assessor and Nebraska State Patrol Sex Offender Registry. The 

000  < sale price ≤ 1000,000, building age ≥ 0, and non-missing values for square footage.
ote: The “treatment” indicator refers to sales occurring 0.5+ years after the address of an

able  A3
he effect of sex offender proximity on the probability of sale.

(1) (2) 

Offender in
0.1 mi  during
sale

0.856** (0.0431) 0.839* (0

Offender-prone
area,  0.1 mi

1.079 (0.0733) 1.083 (0

Prior  offender
in 0.1 mi

0.977 (0

Prior  offender
in
0.1 mi  × offender
in  0.1 mi  during
sale

0.999 (0

Observations 50,837 50,837 

ata: Lancaster County Assessor and Nebraska State Patrol Sex Offender Registry.
olumns show estimates from Cox proportional models including neighborhood contro
replace, building age, sold in year built, no of bedrooms, no of bathrooms, indicators fo
reas.  Columns 1–2 are estimated for parcels sold within 1994–2005. Column 3 models t
ales.  “Offender in 0.1 mi  during sale” refers to offender addresses within 0.1 mi  that w
lustered by neighborhood.
5%.

* 1% significance.
nd Economics 44 (2015) 42–60

fewer “offender areas,” with some offenders located very near
others.

For consistency, I projected all parcel polygons and sex offender
locations onto the Nebraska State Plane NAD 1983 and then mea-
sured the distances from the center of each parcel in Lancaster
County to each address within a two-mile radius of a sex offender
address. To obtain neighborhood characteristics, which were not
included in the assessor’s dataset, I assigned a Census block group
identifier to each parcel if the center of the parcel fell within
the block group’s boundaries. Block group characteristics from the

2000 U.S. Census Summary Tape File 3 were then merged with the
parcel-level data.

Tables A1–A5.

Total

t listed during sale,
ture

Never within 0.1 mi  of
offender

3113 4035
3013 3806
3414 4281
3419 4378
3897 4934
3957 4957
3711 4616
4155 5035
4348 5277
4888 5792
5017 5917
4085 5015

35 51
47,052 58,094

sample consists of urban residential parcel sales during Jan 1994–Jan 2006 with

 offender within a 0.1-mi radius appeared in the registry.

(3) (4)

.0629) 1.060 (0.064) 1.045 (0.053)

.0730) 1.096 (0.080) 1.099 (0.078)

.0390)

.207)

43,868 61,617

ls and building characteristics: square footage, building quality, air-conditioning,
r house type, quarter sold, year dummies, and a time trend within offender-prone
he time to first sale within the timeframe. Column 4 models the duration between
ere listed for 0.5+ years by the sale date. Standard errors are in parentheses and

http://terraserver.microsoft.com/
http://terraserver.microsoft.com/
http://terraserver.microsoft.com/
http://terraserver.microsoft.com/
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Table  A4
Heterogeneity in the effect of sex offender proximity.

Dependent variable:
Log (sale price)

(1) (2) (3) (4) (5) (6)

Block group
characteristic

% Bachelor’s
degree or
higher

Poverty
rate

% Owner-
occupied
housing units

% Age 0–17 Violent crime
incidents per
capita

% Black

Offender in 0.1 mi
during sale × High
block group value

−0.000 (0.039) −0.002 (0.030) 0.031 (0.029) 0.014 (0.023) 0.024 (0.032) −0.014 (0.033)

Offender in 0.1 mi
during sale

−0.043* (0.020) −0.042* (0.019) −0.053* (0.022) −0.050* (0.025) −0.057** (0.017) −0.035 (0.022)

High  block group value 0.023* (0.010) −0.023* (0.010) 0.015 (0.010) −0.011+ (0.007) −0.022* (0.008) −0.012 (0.010)
Offender-prone area

[0.1 mi]
−0.034 (0.022) −0.034 (0.021) −0.035 (0.021) −0.035 (0.021) −0.034 (0.021) −0.034 (0.022)

Non-transient
offender-prone area
[0.1 mi]

−0.043* (0.020) −0.043* (0.020) −0.043* (0.020) −0.044* (0.020) −0.044* (0.020) −0.044* (0.020)

Prior  offender in 0.1 mi  −0.025+ (0.015) −0.024 (0.015) −0.023 (0.015) −0.025+ (0.014) −0.025+ (0.015) −0.024 (0.015)

“Offender in 0.1 mi  during sale” refers to non-transient offender addresses that were listed for 0.5+ years by the sale date. Data: Lancaster County Assessor and Nebraska
State  Patrol Sex Offender Registry. The sample consists of 58,094 urban residential parcel sales during Jan 1994–Jan 2006 with 5000 < sale price ≤ 1000,000, building age ≥ 0,
and  non-missing values for square footage.
Note: “High block group value” indicates whether the block group characteristic is above the mean for all Census block groups in Lancaster County. All regressions include
neighborhood fixed effects and control for square footage, building quality, air-conditioning, fireplace, building age, sold in year built, no of bedrooms, no of bathrooms,
indicators for house type, quarter sold, year dummies, time trend within areas that ever had an offender, and time trend in areas that ever had a non-transient offender.
Standard errors are in parentheses and clustered by neighborhood.

+ 10%.
* 5%.

** 1% significance.

Table A5
Relationship between high-risk sex offender listings and sex crimes (monthly aggregation).

(1) (2) (3) (4) (5) (6) (7) (8)

Dependent
variable

All sex crimes Rapes with weapons Molestations Prostitution, Pornography, Vices

Area radius 0.1 mi  0.3 mi  0.1 mi 0.3 mi  0.1 mi  0.3 mi  0.1 mi  0.3 mi

Number of
offenders

1.0223 (0.0703) 1.0847** (0.0161) 0.6898 (0.9557) 1.0738 (0.0570) 0.9114 (0.0754) 1.0649** (0.0122) 1.4456 (0.2717) 1.3143** (0.0766)

Include  time
trend?

Yes Yes Yes Yes Yes Yes Yes Yes

Neighborhood
fixed  effects?

Yes Yes Yes Yes Yes Yes Yes Yes

Aggregation
level

Monthly Monthly Monthly Monthly Monthly Monthly Monthly Monthly

Mean  number
of sex crime
type in area

0.00239 0.02208 0.00002 0.0002 0.0009 0.0085 0.00004 0.0003

N  6220,103 6624,230 334,152 550,413 5678,445 6191,468 759,314 1166,340

Data: Lancaster County Assessor, Nebraska State Patrol Sex Offender Registry, and Lincoln Police Department crime incident reports in 2000–2006. The sample comprises
parcels within Lincoln.
Note: Coefficients from conditional fixed effects Poisson regressions are shown. Robust standard errors are in parentheses, clustered by neighborhood. Crime counts are
aggregated by monthly periods. All regressions include neighborhood fixed effects, year-month dummies, a time trend within offender areas, a post-arrival indicator, and
an  offender area indicator. “Number of offenders” refers to offender addresses within 0.1 mi  that were listed during the time period when the crime incident occurred.
*

*

R

A

A

B

B

B

B

C

5%.
* 1% significance.
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